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1
DYNAMIC PLACEMENT OF
HETEROGENEOUS WORKLOADS

The present application claims priority to the U.S. provi-
sional application identified as Ser. No. 60/863,585 filed on
Oct. 31, 2006, the disclosure of which is incorporated by
reference herein.

FIELD OF THE INVENTION

The present invention relates generally to application man-
agement, and more particularly, to methods and apparatus for
management of heterogeneous workloads

BACKGROUND OF THE INVENTION

Many organizations rely on a heterogeneous set of appli-
cations to deliver critical services to their customers and
partners. This set of applications includes web workloads
typically hosted on a collection of clustered application serv-
ers and a back-end tier database. The application mix also
includes non-interactive workloads such as portfolio analy-
sis, document indexing, and various types of scientific com-
putations. To efficiently utilize the computing power of their
datacenters, organizations allow these heterogeneous work-
loads to execute on the same set of hardware resources and
need a resource management technology to determine the
most effective allocation of resources to particular workloads.

A traditional approach to resource management for hetero-
geneous workloads is to configure resource allocation poli-
cies that govern the division of computing power among web
and non-interactive workloads based on temporal or resource
utilization conditions. With a temporal policy, the resource
reservation for web workloads varies between peak and off-
peak hours. Resource utilization policies allow non-interac-
tive workload to be executed when resource consumption by
web workload falls below a certain threshold. Typically,
resource allocation is performed with a granularity of a full
server machine, as it is difficult to configure and enforce
policies that allow server machines to be shared among work-
loads. Coarse-grained resource management based on tem-
poral or resource utilization policies has previously been
automated. See, K. Appleby et al., “Oceano—SLA-Based
Management of a Computing Utility,” IFIP/IEEE Sympo-
sium on Integrated Network Management, Seattle, Wash.,
May 2001; and Y. Hamadi, “Continuous Resources Alloca-
tion in Internet Data Centers,” IEEE/ACM International
Symposium on Cluster Computing and the Grid, Cardiff, UK,
May 2005, pp. 566-573.

Once server machines are assigned to either the web or the
non-interactive workload, existing resource management
policies can be used to manage individual web and non-
interactive applications. In the case of web workloads, these
management techniques involve flow control and dynamic
application placement. See, C. Li et al., “Performance Guar-
antees for Cluster-Based Internet Services,” IEEE/ACM
International Symposium on Cluster Computing and the
Grid, Tokyo, Japan, May 2003; G. Pacifici et al., “Perfor-
mance Management for Cluster-Based Web Services,” IEEE
Journal on Selected Areas in Communications, Vol. 23, No.
12, December 2005; and A. Karve et al., “Dynamic Placement
for Clustered Web Applications,” World Wide Web Confer-
ence, Edinburgh, Scotland, May 2006. In the case of non-
interactive workloads, the techniques involve job scheduling,
which may be performed based on various existing schedul-
ing disciplines. See, D. Feitelson et al., “Parallel Job Sched-
uling—a Status Report,” 10th Workshop on Job Scheduling
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2

Strategies for Parallel Processing, 2004, pp. 1-16. To effec-
tively manage heterogeneous workloads, a solution is needed
that combines flow control and dynamic placement tech-
niques with job scheduling.

SUMMARY OF THE INVENTION

The embodiments of present invention provide a system
and method for management of heterogeneous workloads.

For example, in one aspect of the present invention, a
method for managing a system of heterogeneous applications
is provided. A plurality of applications is classified into a
plurality of application types. One or more of the plurality of
applications in each of the plurality of application types are
classified into one or more collections. A utility function of
possible resource allocations is computed for each of the one
or more collections. An application placement is computed
that optimizes a global utility of the plurality of applications
in accordance with the one or more utility functions. Place-
ment and resource allocation of the plurality of applications
are modified in the system in accordance with the application
placement.

In additional embodiments of the present invention, the
steps of classifying the plurality of applications, classifying
one or more of the plurality of applications, computing a
utility function, computing an application placement, and
modifying placement and resource allocation may be per-
formed periodically in response to system events.

In further embodiments of the present invention, an execu-
tion profile for each of the one or more of the plurality of
applications in a given one of the one or more collections may
be obtained. Management policies for each of the one or more
of the plurality of applications may be obtained. The utility
function for the given one of the one or more collections may
be computed in accordance with at least one of an execution
profile for the one or more of the plurality of applications,
service level agreement goals for the one or more of the
plurality of applications, and a state of the system.

In further aspects of the present invention an apparatus for
managing a system of heterogeneous applications is provided
as well as a method for making a computer implemented
process to enable the management of a system of heteroge-
neous applications.

These and other objects, features and advantages of the
present invention will become apparent from the following
detailed description of illustrative embodiments thereof,
which is to be read in connection with the accompanying
drawings.

BRIEF DESCRIPTION OF THE DRAWINGS

FIG. 1 is a diagram illustrating management system archi-
tecture for heterogeneous workloads, according to an
embodiment of the present invention;

FIG. 2 is a flow diagram illustrating a management meth-
odology for a system of heterogeneous workloads for the
system architecture of FIG. 1, according to an embodiment of
the present invention.

FIG. 3 is a block diagram illustrating an illustrative hard-
ware implementation of a computing system in accordance
with which one or more components/methodologies of the
invention may be implemented, according to an embodiment
of the present invention.

DETAILED DESCRIPTION OF PREFERRED
EMBODIMENTS

A set of machines, N={1, ..., N} and a set of applications
M={1, . .., M} are provided. Using n and m, the sets of
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machines and applications are indexed, respectively. A set of
containers C={1, . . ., C} are provided. The variable ¢ is used

to index into the set of containers. For each application there
exists exactly one container. Using c(m), the container of
application m is denoted. M(c) is used to represent the set of
all applications that use container c.

For the purpose of resolving resource contention, applica-
tions are grouped into groups G={1, ..., G} and use g to index
into a set of groups. Each application belongs to exactly one
group. Group for application m is denoted by g(m). A group
may have more than one application. The set of all applica-
tions within type g is denoted by M(g).

Application is the smallest entity managed by the place-
ment controller. Currently, only one application is deployed
to a dynamic cluster, hence application is synonymous with
dynamic cluster.

Application groups are created for the purpose of resource
management. Contention among groups is resolved rather
than individual applications. In the presence of no long-run-
ning work, all groups are singleton sets and they are basically
redundant. Only long-running applications are grouped.

A container is an application server, a cluster, or a VM
where applications execute. Examples of a container include
a dynamic cluster, a DB instance, etc. In some cases, when an
application executes directly on the OS, a container is nil, and
it exists in the problem formulation only for notational con-
venience.

With each machine n, its load-independent and load-de-
pendent capacities, I"'n and £2,, are associated, which corre-
spond to the memory and CPU power, respectively. Both
values measure only the capacity available to workload con-
trolled by WebSphere. Capacity used by other workloads is
subtracted prior to invoking the algorithm. At any time, some
of' machine capacity is allocated to applications and contain-
ers. The remaining capacity is called residual capacity and
denoted by symbols I',,” and Q,”, respectively.

With each application, its load independent demand, vy,,,, is
associated, which represents the amount of memory con-
sumed by this application whenever it is started on a machine.
Similarly, with each container, its load independent demand,
Y. 18 associated, which represents the amount of memory
consumed by this container whenever its instance is started on
a machine. Since each application must be started in a con-
tainer, the amount of memory required to start a single
instance of an application on a machine is ¥,,+Y.¢..)-

With each container load dependent demand w,_, is also
associated, which is the amount of CPU power that is con-
sumed when an instance of the container is started.

Load dependent requirements of applications are given in
the form of utility functions.

For each group a utility function, u,, is given that defines
the degree of happiness from a particular allocation. It is
assumed that this utility is given, and if there is more than one
application in a group, there exists some oracle or other
resource manager that divides resources among these appli-
cations. Note that groups that involve more than one applica-
tion, group long-running work. Thus, the other manager or
oracle is a scheduler managing this long-running work.

Applications that are not long-running ones form singleton
types. Their utility is defined as follows. For each, a utility
function, o, (W), is given, which is a measure of happiness
experienced by the application when w of CPU power is
allocated to it. The utility function is a non-decreasing one.

Each container instance may run one or more application
instances. With each container instance, another matrix, S, is
associated, which represents application placement within
containers. Cell S, ,, contains a value of one if instance j, runs
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an instance of application m, and zero otherwise. It is
assumed that all instances of an application started on the
same machine must execute in separate instances of a con-
tainer.

Symbol I is used to denote a placement matrix of applica-
tions on machines. Cell 1, represents the number of
instances of application m on machine n. Matrix I has the
following relationships with T and S.

®

bin=" Y Sjm

Jk€Tcimyn
Jemn = Inn 2)
c#c(m):Sjkym:O 3)

Each container instance is associated with load dependent
demand w_ and load-independent demand y.. With an
instance of application m running inside container j,, allo-
cated load-dependent demand w, ,, and load-independent
demandy;, =Y, are associated. Symbol w is used to represent
a matrix of CPU allocations to application instances. It is
assumed that load-dependent and load-independent demand
values of a container instance are given and cannot be con-
trolled by the system. They represent the overhead associated
with running a container instance. Similarly, load-indepen-
dent demand of an application instance is not controlled by
the system. On the other hand, load-dependent demand of an
application instance is determined by the optimization prob-
lem.

In addition, a minimum CPU allocation may be configured
for an application instance. Value w,, """ indicates that when-
ever an instance of application m is started on a machine, it
must receive at least w,, """ of load-dependent capacity.

Symbol L is used to represent a load placement matrix. Cell
L,.,, denotes the amount of CPU speed consumed by all
instances of application m on machine n. L. is given for nota-
tional convenience.

Application placement is a triple P=(T, I, w). Notation P
(change+) is used to denote placement P modified by making
a non-empty list of changes change+. A set of possible
changes includes the following operations:

€T, ,, orj, T, ,—adding or removing instance j, of con-
tainer ¢ on node n.

S, w1 orS,  =0—starting or stopping an instance of
application m in container instance j,

W, n—X—setting load-dependent demand allocated to
application m inside its instance running in container j, to X.

With each application group g, a utility function is given
u,:PxM—(-,1], where P is a universe of all possible place-
ments.

Moreover, for each application group g, an oracle is given
that produces u (P,m), a utility of application m in placement
P, and function o_(P), which for any given placement P pro-
duces an order in which applications in that group should be
placed, starting from the application that is most profitable to
place.

With each application the following parameters are asso-
ciated:

The minimum number of machines on which application
must be started, N

The maximum number of machines on which application
may be started, N,,"**

N,, is used to represent the number of machines where
application m is running.
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With each application the following parameters are asso-
ciated:

The minimum number of instances that must be started for
an application, I """

The maximum number of instances that may be started for
an application, I,,”*%*
1,, is used to represent the number of machines where

m

application m is running.

®

An application instance may be pinned, which means that
the algorithm is not allowed to stop the instance. Predicate
pinned (j,,m) is used to indicate whether or not an instance is
pinned.

A container instance may be pinned, which means that the
algorithm is not allowed to stop the instance. Predicate pinned
(j») 1s used to indicate whether or not an instance is pinned.

An application may be in manual mode. In this case, its
placement may not be changed on any machine. Predicate
manual (m) is used to indicate whether or not an application
is in manual mode.

A container may be in manual mode. In this case, its place-
ment may not be changed on any machine. Predicate manual
(c) is used to indicate whether or not a container is in manual
mode.

An application may be placed on some machines but not on
the others. Predicate allowed (m,n) is defined that evaluates to
true and false when application m may and may not be placed
on machine n, respectively.

Similarly, a container may be placed on some machines but
not on the others. Predicate allowed (c,n) is defined that
evaluates to true and false when container ¢ may and may not
be placed on machine n, respectively. In general, the set of
machines on which application m may be placed is a subset of
the set of machines where container c¢(m) may be placed.

An application may have a bottleneck that prevents it from
using the capacity of the machine. Thickness value =, ,, is
used to represent the maximum amount of CPU power that
may be consumed by a single instance of application m on
machine n. Thickness values are used to drive vertical stack-
ing of an application on a machine.

For each container ¢, there exist bounds on the number of
container instances that may be created on machine n, I,
and J_ "

Some applications cannot share machines with other appli-
cations. If application m,, cannot be collocated with applica-
tion m, then predicate collocate (m,,m,) returns false. Oth-
erwise, the predicate returns true.

Some application instances may be suspended (removed
from memory) and later resumed; others cannot. If an appli-
cation instance is not suspendable, its pinned predicate is set
to true.

Some application instances may be resumed on a different
machine than the one they were suspended on. Migration
restrictions are modeled by tweaking allocation restrictions.
When a non-migratable application m is suspended on
machine n, allowed (m,n) is set to true and allowed (m,n, ) to
false for all n, =n.
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Some applications may be allocated less power than they
need. An application for which such a reduced allocation may
be enforced is resource-controllable. All ARFM-managed
workload is resource-controllable. Workload that reaches
backend servers while bypassing the ODRs may not be
resource controllable. To handle applications that are not
resource-controllable, two parameters are needed:

The amount of CPU power requested by the application,
Wm}"eq

Predicate controllable (m) indicating if an application is
resource-controllable.

Applications that are not resource-controllable must
always be allocated the minimum ofw,,”*? and the capacity of
the container they run on or they have to be stopped, as there
is no way to enforce any reduced allocation once an applica-
tion is started. Applications that are resource-controllable
may be allocated any CPU power.

Non-divisible workloads are indicated by predicate divis-
ible (m) which is set to false for such workloads. Transac-
tional workloads are divisible.

Referring now to FIG. 1, a diagram illustrates management
system architecture, according to an embodiment of the
present invention. This system architecture represents one
specific example of management system, a plurality of dif-
ferent system architectures that perform the methodology of
the present invention are also possible. The managed system
includes a set of heterogeneous server machines, referred to
henceforth as node 1 102, node 2 104 and node 3 106. Web
applications, app A 108, app B 110, which are served by
application servers, are replicated across nodes to form appli-
cation server clusters. Requests to these applications arrive at
an entry request router 112 which may be either an .4 or .7
gateway that distributes requests to clustered applications
108, 110 according to a load balancing mechanism. Long-
running jobs are submitted to a job scheduler 114, placed in
its queue, and dispatched from the queue based on the
resource allocation decisions of the management system.

The management architecture of FIG. 1 takes advantage of
an overload protection mechanism that can prevent a web
application from utilizing more than the allocated amount of
resources. Such overload protection may be achieved using
various mechanisms including admission control or OS
scheduling techniques. Server virtualization mechanisms
could also be applied to enforce resource allocation decisions
on interactive applications.

In the system considered, overload protection for interac-
tive workloads is provided by an L7 request router 112 which
implements a flow control technique. Router 112 classifies
incoming requests into flows depending on their target appli-
cation and service class, and places them in per-flow queues.
Requests are dispatched from the queues based on weighted-
fair scheduling discipline, which observes a system-wide
concurrency limit. The concurrency limit ensures that all the
flows combined do not use more than their allocated re-source
share. The weights further divide the allocated resource share
among applications and flows.

Both the concurrency limit and scheduling weights are
dynamically adjusted by a flow controller 116 in response to
changing workload intensity and system configuration. Flow
controller 116 builds a model of the system that allows it to
predict the performance of the flow for any choice of concur-
rency limit and weights via optimizer 118. This model may
also be used to predict workload performance for a particular
allocation of CPU power. The functionality of flow controller
116 is used to come up with a utility function for each web
application at utility function calculator 120, which gives a
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measure of application happiness with a particular allocation
of CPU power given its current workload intensity and per-
formance goal.

Long-running jobs are submitted to the system via job
scheduler 114, which, unlike traditional schedulers, does not
make job execution and placement decisions. In the system,
job scheduler 114 only manages dependencies among jobs
and performs resource matchmaking. Once dependencies are
resolved and a set of eligible nodes is determined, jobs are
submitted to an application placement controller (APC) 122
via a job queue manager 124.

Each job has an associated performance goal. An embodi-
ment of the present invention supports completion time goals,
but the system may be extended to handle other performance
objectives. From this completion time goal an objective func-
tion is derived which is a function of actual job completion
time. When job completes exactly on schedule, the value of
the objective function is zero. Otherwise, the value increases
or decreases linearly depending on the distance of completion
time from the goal.

Job scheduler 114 uses APC 122 as an adviser to where and
when a job should be executed. When APC 122 makes a
placement decision, actions pertaining to long-running jobs
are returned to job scheduler 114 and put into effect via a job
executor component 126. Job executor 126 monitors job sta-
tus and makes it available to APC 122 for use in subsequent
control cycles.

APC 122 provides the decision-making logic that affects
placement of both web and non-interactive workloads. To
learn about jobs in the system and their current status, APC
122 interacts with job scheduler 114 via a job scheduler proxy
128. A placement optimizer 130 calculates the placement that
maximizes the minimum utility across all applications. It is
able to allocate CPU and memory to applications based on
their CPU and memory requirements, where memory
requirement of an application instance is assumed not to
depend on the intensity of workload that reaches the instance.
The optimization algorithm of APC 122 is improved; its
inputs are modified from application CPU demand to a per-
application utility function of allocated CPU speed, and the
optimization objective is changed from maximizing the total
satisfied CPU demand to maximizing the minimum utility
across all applications. A web application placement executor
132 places applications on nodes 102, 104, 106 in an opti-
mized manner.

Since APC 122 is driven by utility functions of allocated
CPU demand and, for non-interactive workloads, objective
functions of achieved completion times are only given, a way
to map completion time into CPU demand, and vice versa,
may also be provided. Recall that for web traffic a similar
mechanism exists, provided by the flow controller. The
required mapping is very difficult to obtain for non-interac-
tive workloads, because the performance of a given job is not
independent of CPU allocation to other jobs. After all, when
notall jobs can simultaneously run in the system, the comple-
tion time of a job that is waiting in the queue for other jobs to
complete before it may be started depends on how quickly the
jobs that were started ahead of it complete, hence it depends
on the CPU allocation to other jobs. In the system, simple but
effective heuristics are implemented that allow aggregate
CPU requirements to be estimated for all long-running jobs
for a given value of utility function at job utility estimator 134.
This estimation is used to obtain a set of data-points from
which the utility function is later extrapolated. This estima-
tion is used to obtain a set of data-points from which values
needed to solve the optimization problem are later extrapo-
lated.
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To manage web and non-interactive workloads, APC relies
on the knowledge of resource consumption by individual
requests and jobs. The system includes profilers for both
kinds of workloads. A web workload profiler 136 obtains
profiles for web requests in the form of the average number of
CPU cycles consumed by requests of a given flow. A job
workload profiler 138 obtains profiles for jobs in the form of
the number of CPU cycles required to complete the job, the
number of threads used by the job, and the maximum CPU
speed at which the job may progress.

A placement utility function is defined as U(P)=(u,,, (P,
m), ..., Uy, (Pm,,)), where groups inside the vector are
ordered according to increasing u,,,,(P,m). For such a utility
vector, ordering operator may be defined. Vector (ug,, (P,
m;), ..., Uy, (Pum,,)) is greater (or less) than (u,, (P
m,"), .. ., Uy, o(Phm,), if there exists k such that u,, (P,
my) is greater (or less) than u,, .,(P',m';) and for all 1<k,
Ugn (P 1) gy (P, 1)),

Data described in Section 1 and current placement p
(T, §°M we'?) is given.

The objective of placement algorithm is to find new place-
ment P=(T, S, w) that solves the following optimization prob-
lem.

old__

max U(P) (6)

subject to:

1. memory constraint:

Memory constraint in Eq. 7 means that there will be
attempts to calculate placement that does not overload
memory on any machine. However, if instances already
placed and pinned on a machine use more than that machine’s
memory, it will not be attempted to remove them.

Vn E E [7c+ Z Sjk,mym]srn
meM(c)

¢ x€Ten

M

2. load-dependent capacity constraint:
Load-dependent capacity constraint in Eq. 8 means that
CPU power of any machine will not be overloaded.

Y, E E [wc+ Z Wiy m
meM(c)

¢ x€Ten

(8)
=<,

3. maximum load constraint:

Maximum load constraint in Eq. 9 limits the amount of
CPU demand that may be satisfied by an instance of an
application.

YARS

HET e oSS Tos

T (9)
4. minimum and maximum machines constraint:
Minimum and maximum machines constraints in Eq. 10

states that the number of machines on which an application is

running must be within specified range, unless machines
where an application is allowed to run, run out. An application
cannot run on a machine forbidden in allocation restrictions.

An application in manual mode can only run on as many

machines as in the last placement.
YN, ""sN, <N, (10)

5. minimum and maximum instances constraint:
Minimum and maximum machines constraints in Eq. 11
states that the number of instances of an application must be
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within specified range, unless machines where an application
is allowed to run out. An application cannot run on a machine
forbidden in allocation restrictions. An application in manual
mode, can only run as many instances as in the last placement.

(11)
6. minimum and maximum instances on node constraint:
Minimum and maximum instances on node constraint in

Eq. 12 states that the number of instances of a container on a

node must stay within specified limits.

L2 ™ ) S

Vool sl 12

7. pinning constraints:

Pinning constraint in Eq. 13 state that an application
instance that is pinned on a node must not be stopped. As a
result, the container instance where it is running must not be
stopped either. Pinning constraint in Eq. 14 states that a
pinned container instance may not be stopped.

old
Sjk m

Ve Yy potd Vo 13)

=1 Apinned(ji, m) = j € T, ASjkym

=1

Ve Vn ijeT‘gl,f pinned(jx) = jx € Ten (14)

8. manual mode constraints:

Manual mode constraint in Eq. 15 states that if an applica-
tion is in manual mode, none of its running instances may be
stopped. Egs. 16-17 state that if an application is in manual
mode, no new instances of the application may be started. Eq.
18 states that if a container is in manual mode, its placement
cannot change.

=1l=j e Tc(m),n ASjkym (15)

ld
Vo V0 ij ET‘Z@,)JL manual(m) A S‘J’-k m

=1

Vou ¥ ij ET‘Z@,)JL manual(m) A S‘J’-,fdym =02 ji & Topmn v ka ” (16)

=0

\T2%4 an

Vo V0 ije C(m)ynmanua](m) = ka m=0

Tetmyn

Ve ¥, manual(c) = Tepm) = Tf(% (18)

9. allocation restrictions:
Constraints 19 and 20 limit where instances of an applica-
tion or a container may be running.

(EmvnvjkETc(m),n Tlallowed(m,n) 'S, =0 19)

V.V, = allowed(c) 7 T,,~0 (0)

10. Collocation constraint:

Collocation constraint in Eq. 21 states that applications that
have a collocation restriction cannot have instances running
on the same node.

2D
iy Yimy ¥n | - coplace(my, mp) =

Z Sjmy =0V Z Sjgmy =0
k€l em)n Ik €T ctmy)n

10
11. minimum allocation constraint:

anmvjkETc(m),nSjkm:l =>ijvmzwmmin 22)
12. resource-control constraint:

5 Resource control restrictions in Eq. 23 require that a non-

resource-controllable partition always be allocated its full

CPU demand.

10 (23)
V. | —~ controllable(m) = Z Z Wim = wied

2 Jx€Tcmyn

13. load-divisibility constraint:
Non-divisible workloads must be satisfied within one
instance, as stated in Eq. 24.

(24)
V,, [ﬁ divisible(m) = Z Z Sjm = 1]

2 Jg€Tetmyn

The placement algorithm proceeds in three phases:
demand capping, placement calculation, and maximizing
load distribution. Demand capping constraints the amount of
CPU capacity that may be allocated to an application, which
is used by placement calculation. The phase of maximizing
load distribution takes placement obtained by placement cal-
culation phase and calculates the best corresponding load
distribution. Placement change phase is where actual place-
ment optimization is done. The placement change problem is
known to be NP-hard and heuristics must be used to solve it.
Several heuristics are applicable also in the placement prob-
lem with non-linear optimization objective.

Placement change method. The placement change phase is
executed several times, each time being referred to as a
‘round’. Each round first calculates the load distribution that
maximizes the utility of the initial placement. It then invokes
the placement change method, which makes a single new
placement suggestion based on the provided initial place-
ment. In the first round, the initial placement is the current
placement. In subsequent rounds, the initial placement is the
placement calculated in the previous round. Additionally, in
the first round, the method may be invoked multiple times
with various additional instance pinning constraints. For
example, in one invocation, all instances are pinned (thus only
new instances may be started). In another invocation, all
instances that receive load are pinned. Up to 10 rounds may be
performed. The round loop is broken out of earlier if no
improvement in placement utility is observed at the end of a
round.

The placement change method iterates over nodes in a so
called outer loop. For each node, an intermediate loop is
invoked, which iterates over all instances placed on this node
and attempts to remove them one by one, thus generating a set
of configurations whose cardinality is linear in the number of
instances placed on the node. For each such configuration, an
inner loop is invoked, which iterates over all applications
o whose satisfied demand is less than the limit calculated in the

capping phase, attempting to place new instances on the node

as permitted by the constraints.
Utility-based heuristics. The utility-based version of the
algorithm introduces several new heuristics that concern the
5 ordering of nodes, applications, and instances in the outer,
intermediate, and inner loops of the algorithm and shortcuts
that help reduce the algorithm complexity.

55

[
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For each application and for each node utility-of-stopping
is calculated as the application utility that would be obtained
if this instance alone was stopped. For each node its utility-
of-stopping is obtained as the maximum utility-of-stopping
among all application currently hosted on it. In the outer loop
nodes are ordered according to the decreasing utility of stop-
ping. Nodes with sufficient memory to host one more instance
of some unsatisfied application have a utility-of-stopping
equal to 1. Among nodes with equal utility-of-stopping the
one that has the most CPU capacity available is selected,
which helps us maximize placement utility without making
unnecessary changes. It is also used in a shortcut: node itera-
tion can stop once a node is reached whose utility-of stopping
is less than or equal to the lowest utility of an unsatisfied
application.

In the intermediate loop, instances are visited in decreasing
order of utility-of-stopping. The loop is broken out of when
the utility-of-stopping becomes lower than or equal to the
lowest utility of an unsatisfied application.

In the inner loop, applications are visited in the increasing
order of their utility in the current placement.

Finding a maximizing load distribution. While the place-
ment change method calculates a load distribution matrix
along with the placement matrix, due to the heuristic nature of
algorithm, it does not necessarily find the best load distribu-
tion for the calculated placement. In fact, better load distri-
butions may be found quite easily outside of the method. To
find a maximizing load distribution a non-linear optimization
problem maxl, U(L) is solved subject to linear constraints,
which were outlined before. Standard approximation tech-
niques are used (see, for example, G. B. Dantzig, “Linear
Programming and Extensions, Princeton University (1963),
and R. K. Ahuia et al., “Network Flows: Theory, Algorithms,
and Applications,” Prentice Hall (1993)) to solve this optimi-
zation problem achieving an approximation that is within a
configurable [(JU of the optimum. Capping application
demand. At the beginning of the placement algorithms the
demand of each application is capped at a value that corre-
sponds to a maximizing load distribution in a perfect place-
ment, which is a placement that is not constrained by memory,
minimum and maximum constraints, and collocation con-
straints. In other words, an upper bound is calculated for the
achievable placement utility. In the main method of the algo-
rithm, this capping is observed while deciding which appli-
cations are unsatisfied and how much CPU capacity should be
allocated to an application instance. This aids the heuristic of
the inner loop, which otherwise allocates the maximum avail-
able CPU power to an application instance it creates. Since
the algorithm is driven by non-decreasing utility function
over a continuous range, without some upper bound, the inner
loop would always allocate the entire available CPU power of
abox to a single application without giving other applications
a chance to use the node. This would result in coarse and
unfair allocation of resources, and possibly in starving some
applications.

When capping is given, the CPU allocation may be con-
strained to any application believed to obtain an optimal,
unconstrained placement. Naturally, it is possible that no
other application will be able to use the node, which seems to
result in wasted node capacity. However, this under-alloca-
tion will be fixed by the maximizing load distribution phase,
which will give the unallocated capacity of a node back to the
previously capped application.

To calculate the capping limits, the maximizing load dis-
tribution problem is solved by providing a complete place-
ment as input, where complete placement includes the maxi-
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mum number of instances of each application on every node
as long as allocation restrictions are not violated.

3.3 Placement control loop

The basic algorithm, as described above, is surrounded by
the Placement control loop, which resides within the Execu-
tor in FIG. 1. This is designed to have the Application Place-
ment Controller periodically inspect the system to determine
if placement changes are now required to better satisfy the
changing extant load. The period of this loop is configurable,
but is typically one minute—however, this loop is interrupted
when the configuration of the system is changed, thus ensur-
ing that the system is responsive to administrative changes.

Referring now to FIG. 2, a flow diagram illustrates illus-
trating a management methodology for a system of heteroge-
neous workloads for the system architecture of FIG. 1,
according to an embodiment of the present invention. The
methodology begins in block 202 where applications are
classified into a plurality of application types. In block 204,
the applications in each application type are classified into
one or more collections. In block 206, a utility function of
possible resource allocations for each of the collections is
computed. In block 208, an application placement that opti-
mizes a global utility of the applications is computed in accor-
dance with the utility function. In block 210, placement and
resource allocation of the system are modified in accordance
with the application placement.

Recall that application groups are used to resolve resource
contention among multiple workloads. Placement algorithm
resolves contention by looking at application utility at a group
level. Within a group, contention is resolved using other
mechanisms that depend on the type of workload represented
by a group. In particular, the concept of a group is introduced
to represent long running workloads, which consist of a set of
jobs that are scheduled by some scheduler. The scheduler
decides which jobs should be running at a given time given
the amount of resources allocated to it. Placement controller
decides how many resources should the scheduler receive
such that the utilities of jobs are aligned with utilities of other
workloads. The oracle for long-running workload is respon-
sible for emulating the decisions made by a scheduler in
hypothetical scenarios.

Another example where application groups may be useful
is when within certain workload there is no mechanism to
control resource usage among its applications, but there is a
way to resource-control the total workload. For example,
there may be two non-resource controllable applications
deployed to the same virtual server container. The oracle for
this application group would need to model the performance
of both applications under various resource allocations to a
container and based on the model estimate their utility.

The oracle for an application group is responsible for esti-
mating the utility of each application in the group, selecting
the most beneficial application to place, and calculating the
amount of demand that needs to be allocated to applications in
a group to meet certain utility goal. In this paper, oracles for
two types of workloads are discussed: transactional and long-
running.

Transactional workload is the one that is composed of
flows of request, where for each request there is a response.
These workloads have a characteristic that their request flow
may be intercepted and controlled by a gateway process,
which provides means of monitoring and resource controlling
the workload. For each application that has characteristic of
transactional workload, an application group is created. Prop-
erties of the group are thus identical with properties of the
application.
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Hence, the following properties.

14

Let us define the number of stages completed thus far,
Dmdone.

0g = (m), where g = g(m) 42)
5
3)
ug(P) = um[zn: Lm,n] Dione — maxz w =, 45)
b i=1
44 10
ug[P(sjk,m =0, Wiy n=0= um[Z Ly — wjk,m]
The amount of outstanding work in stage D,,%**+1 is thus
For a given target utility u* the amount of demand that
delivers this utility is u,,~*(u*). 15
Utility function for a transactional application is estimated
using modeling and profiling techniques described in G. Paci- .
fici et al., “Dynamic Estimation of CPU Demand of Web . S .
Traffic,” Valuetools, Pisa, Italy (2006) and G. Pacifici et al., 29 Tpgoney = £ 7
“Performance Management for Cluterbased Web Services,”
IEEE Journal on Selected Areas in Communications 23
(2005).
With each job m the following parameters are associated. »5 and the minimum time required to complete this stage is
profile
Job profile describes job workload characteristics in terms
of resource requirements. Each job m is a sequence of stages, Foe = pgene.
S1: - - - » Sy, For each stage s D Wty
S 30
the amount of CPU cycles consumed in this stage, o,
the maximum speed with which the stage may run, w Let T be the minimum lifetime of placement change affect-
the minimum speed with which the stage must run, when- ing m. Then, the last stage that may be executed during this
ever it runs, w,™" time is D, fo-evecite,
DPre 4 1 if oz;)%m,ﬂ = TM/I")?;WH (46)
io-execute _ D .
m minp Z % > T_IZ%‘W“ otherwise
i=pdone,y
memory requirement y, Job input parameters are defined as follows:
earliest allowed start timer T, ***"* 43
When T, is earlier than clock time at the time of sub- Wi = max e @7
mission, submission time is taken pgone 4| <jploeeOHE
completion time goal T,>T, *"* Y = max oy, @8)
Completion time goal T, is clock time when job must have 30 D slsi=Diy
completed. Wi = max Wi (49)
current status pione 1 <j=p!E-evecute
Current status may be: running, not-started, suspended,
55 . _ .o
paused For each job an objective function is defined that maps
availability of control knobs actual job completion time t,, to a measure of satisfaction as
Availability of control knobs is defined by a set of flags: follows.
isMigratable, isSuspendable, isResourceControllable.
CPU time consumed thus far, o, * 60 T — I GoeT (50)
e < Ty
. Tm — T;Sniaﬂ
importance level, 1€{1 . . . 100} Ot =] "
ﬁ if 1, > T
In each control cycle, the placement algorithm is provided o
with minimum and maximum CPU requirements as well as 65

with memory demand. These values are estimated conserva-
tively as follows.

The definition of hypothetical utility function is provided,
which is used to guide placement algorithm. The function is
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hypothetical as it does not take into account possible place-
ments. Given total allocated demand w to an application
group, it returns the achievable utility for any application that
belongs to the group as if any placement was possible.

Let a* be the vector of CPU cycles completed by applica-
tions belonging to application group g. Let t,,,, be current
time. Let u;=-co, u,, . . ., uz=1, where R is a small constant,
be the set of these sampling points. Two matrices W and V are
created. Cells W, and V, , contain the average speed with

which application m should execute starting from t _ to

achieve utility u, and value u,, respectively, if it is possible for
application m to achieve utility u,. Otherwise, cells W, , and
A%

should execute starting from t,,, to achieve its maximum

.m contain the average speed with which application m
achievable utility and the value of the maximum utility,
respectively.

To determine whether it is possible to achieve utility u,, a
simple test is performed as follows.

Nm

i + %
pdone 1| winax

i
i=Ddone 13

6D

< Tn = luow

If the above condition holds, application m can achieve
utility u,. In order to achieve u, it must complete at time
t,/=0,'(u,). It must therefore execute with the average
speed of w,, (u,), which is calculated as follows.

(62

E @ — o,

;
Wi (tt;) = P
m — thow

We then set W, ,=w,(u,)and V,  =u,.
When application m cannot achieve utility u,, the maxi-
mum achievable utility is calculated, as follows.

N (53)
@
est _ v i
T = Diow + Tpone, + > e
i=pdone 3
U = 0, (k) (54)

Then, the CPU speed is calculated as required by each
application m to achieve this utility, as follows.

Zw;—wfn (5

i
Win (™) =
L = lnow

Weset W, =w,_(u,”*)andV, =u,

Given matrices W andV, the following useful quantities are
calculated.

CPU speed required for application m to achieve utility u;
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0 if v=-c0 (56)
o 20) We if u = max; Vi
W (1) =
Witm = Wim) 4t = Vi m .
Won + (Wi, )4 = Vi) otherwise

Virtm = Viem

Where k is such that V,  <u=V,, .

Expected utility of application m when total allocation of
CPU power to application group g is w

(W) = (57)

—co if w=0
Vi if w = max; Z Wim
m
(Vesim = vk,m)[w > Wk,m]
Vim + i otherwise

2 Wit = 2 Wiom
n n

Where k is such that X, W, <u=3 W, , .

Applications in long-running application group are
ordered according to increasing maximum achievable utility.
In other words, ifu,, ™“*<u,, ™**thenapplicationm, precedes
m, in ordering o,.

The average amount of demand required by application m
to deliver utility u is W, (u). Note thatu may not be achievable.
In this case, W, (u) is the amount of demand needed to achieve
the highest achievable utility.

The minimum amount of demand needed to achieve utility
u is calculated as follows.

m (58)
must-do _ % -1
D = max W>0m(’4)_T
i=p
Nim 59
aved -1 %
T°V = 0,7 () — max Z W
Dzmr—doJrl P
itst-do 60
o (60)
Dzusr—do
d : t-do d
D=pdone Pm
i
0 otherwise

The minimum allocation is

ist-do
D
T

Let P be a given placement and T the length of control
cycle. Let w,, be the amount of CPU power allocated to
application m in placement P. In this cycle, application m will
execute through stages D, %" 1 to D, where D, is
calculated as follows.
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A %’”EH

D
. ; D .
mingp Z - — =T - — otherwise
min(w{"™, wi) mm(wg‘r%ﬁm o Win)

In stage D,,*, the execution will last for the time T***
before the cycle completes.

- o i max
if Fpdone 1 = Tmm(vx/g%neﬂ, wm)

T if DI =Dl 41

last
plast

last "
™= Epdone o;

T —m -
1 1ax i max
mn(v‘/;%mul s w,,,) =pdome min(w}"™, wy,)

otherwise

The amount of work performed in stage D, “** will be

min( w7 i [T,
i

and the amount of work remaining to complete after the cycle
finished will be

r : ax last
X tast = Xplast —mm(wf"kz, Wm)T .
Dias! Digt D@st>

This, after the cycle completes, the total amount of CPU
cycles completed by application m will be

last
DmS

o _ -

Uy = § @i = Xplast -
— m
p

To calculate utility of application m given placement P
vector o is first updated by replacing ., * with o, ** for all
applications in g that have a non-zero allocation of CPU
demand in P. Sett, =t . +T. Then use hypothetical utility
calculation to obtain

0,2, 2 nerser2) o1,y Wj,m)- Note that this calculation of
utility is concrete for the duration of the next cycle, as the
placement for this time span is known, but it remains hypo-
thetical following the coming cycle.

Referring now to FIG. 3, a block diagram illustrates an
illustrative hardware implementation of a computing system
in accordance with which one or more components/method-
ologies of the invention (e.g., components/methodologies
described in the context of FIGS. 1 and 2) may be imple-
mented, according to an embodiment of the present invention.

As shown, the computer system may be implemented in
accordance with a processor 310, a memory 312, /O devices
314, and a network interface 316, coupled via a computer bus
318 or alternate connection arrangement.

It is to be appreciated that the term “processor” as used
herein is intended to include any processing device, such as,
for example, one that includes a CPU (central processing
unit) and/or other processing circuitry. It is also to be under-
stood that the term “processor” may refer to more than one
processing device and that various elements associated with a
processing device may be shared by other processing devices.
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The term “memory” as used herein is intended to include
memory associated with a processor or CPU, such as, for

62

example, RAM, ROM, a fixed memory device (e.g., hard
drive), a removable memory device (e.g., diskette), flash
memory, etc. Memory 312 is an example of a computer read-
able storage medium.

In addition, the phrase “input/output devices” or “I/O
devices” as used herein is intended to include, for example,
one or more input devices for entering speech or text into the
processing unit, and/or one or more output devices for out-
putting speech associated with the processing unit. The user
input speech and the speech-to-speech translation system
output speech may be provided in accordance with one or
more of the /O devices.

Still further, the phrase “network interface” as used herein
is intended to include, for example, one or more transceivers
to permit the computer system to communicate with another
computer system via an appropriate communications proto-
col.

Software components including instructions or code for
performing the methodologies described herein may be
stored in one or more of the associated memory devices (e.g.,
ROM, fixed or removable memory) and, when ready to be
utilized, loaded in part or in whole (e.g., into RAM) and
executed by a CPU.

What is claimed is:
1. A method for managing a system of heterogeneous
applications comprising the steps of:

classifying a plurality of applications into a plurality of
application types, wherein the plurality of applications
comprises heterogeneous applications, and the hetero-
geneous applications comprise at least one interactive
workload-type application and at least one non-interac-
tive workload-type application;

classifying one or more of the plurality of applications in
each of the plurality of application types into one or
more collections;

computing a utility function of possible resource alloca-
tions for each of the one or more collections comprising
the steps of: (i) obtaining an execution profile for each of
the plurality of applications in a given one of the one or
more collections; (i1) obtaining management policies for
each of the plurality of applications; and (iii) computing
the utility function for the given one of the collections in
accordance with the execution profiles for the plurality
of applications, service level agreement goals for the
plurality of applications, and a state of the system;

computing an application placement that optimizes a glo-
bal utility of the plurality of applications in accordance
with the one or more utility functions; and
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modifying placement and resource allocation of the plural-
ity of applications in the system in accordance with the
application placement;

wherein an execution profile for a given interactive work-

load-type application comprises an average number of
processor cycles consumed by requests of a given flow
associated with the given interactive workload-type
application, and an execution profile for a given non-
interactive workload-type application comprises the
number of processor cycles used to complete a job asso-
ciated with the given non-interactive workload-type
application, the number of threads used by the job, and
the maximum processor speed at which the job
progresses.

2. The method of claim 1, wherein the steps of classifying
the plurality of applications, classifying one or more of the
plurality of applications, computing a utility function, com-
puting an application placement, and modifying placement
and resource allocation is performed periodically in response
to system events.

3. The method of claim 1, wherein, in the step of obtaining
an execution profile, the heterogeneous applications com-
prise all long-running applications known to the system.

4. The method of claim 1, further comprising the step of
computing an intermediate utility function for each of the one
or more of the plurality of applications based on a processing
unit assigned to the one or more of the plurality of applica-
tions in the given one of the one or more collections.

5. The method of claim 4, further comprising the step of
using the intermediate utility function to obtain a processing
unit allocation for a given application to achieve a certain
utility.

6. The method of claim 4, further comprising the step of
using the intermediate utility function to obtain a resultant
utility of a given application given total processing unit allo-
cation to the given one of the one or more collections.

7. The method of claim 4, wherein, in the step of computing
an intermediate utility function, the intermediate utility func-
tions for each collection of applications are updated each time
the placement of any application within the associated col-
lection is changed as the algorithm progresses.

8. The method of claim 1, further comprising the step of
calculating a speed at which each of the one or more of the
plurality of applications must execute so as to obtain a result-
ant utility.

9. The method of claim 1, further comprising the step of
calculating a minimum processing unit allocation assigned to
each of the one or more of the plurality of applications, and
the given one of the one or more collections, to achieve a
resultant utility.

10. The method of claim 1, further comprising the step of
determining a utility for the given one of the one or more
collections of a given placement.

11. Apparatus for managing a system of heterogeneous
applications, comprising:

a memory; and

at least one processor coupled to the memory and operative

to: (i) classify a plurality of applications into a plurality
of application types, wherein the plurality of applica-
tions comprises heterogeneous applications, and the het-
erogeneous applications comprise at least one interac-
tive workload-type application and at least one non-
interactive workload-type application; (ii) classify one
or more of the plurality of applications in each of the
plurality of application types into one or more collec-
tions; (iii) compute a utility function of possible
resource allocations for each of the one or more collec-
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tions comprising the steps of: (a) obtaining an execution
profile for each of the plurality of applications in a given
one of the one or more collections; (b) obtaining man-
agement policies for each of the plurality of applica-
tions; and (¢) computing the utility function for the given
one of the collections in accordance with the execution
profiles for the plurality of applications, service level
agreement goals for the plurality of applications, and a
state of the system; (iv) compute an application place-
ment that optimizes a global utility of the plurality of
applications in accordance with the one or more utility
functions; and (v) modify placement and resource allo-
cation of the plurality of applications in the system in
accordance with the application placement;

wherein an execution profile for a given interactive work-

load-type application comprises an average number of
processor cycles consumed by requests of a given flow
associated with the given interactive workload-type
application, and an execution profile for a given non-
interactive workload-type application comprises the
number of processor cycles used to complete a job asso-
ciated with the given non-interactive workload-type
application, the number of threads used by the job, and
the maximum processor speed at which the job
progresses.

12. The apparatus of claim 11, wherein the operations of
classifying the plurality of applications, classifying one or
more of the plurality of applications, computing a utility
function, computing an application placement, and modify-
ing placement and resource allocation is performed periodi-
cally in response to system events.

13. The apparatus of claim 11, wherein, in the operation of
obtaining an execution profile, the heterogeneous applica-
tions comprise all long-running applications known to the
system.

14. The apparatus of claim 11, wherein the processor is
further operative to compute an intermediate utility function
for each of the one or more of the plurality of applications
based on a processing unit assigned to the one or more of the
plurality of applications in the given one of the one or more
collections.

15. The apparatus of claim 14, wherein the processor is
further operative to use the intermediate utility function to
obtain a processing unit allocation for a given application to
achieve a certain utility.

16. The apparatus of claim 14, wherein the processor is
further operative to use the intermediate utility function to
obtain a resultant utility of a given application given total
processing unit allocation to the given one of the one or more
collections.

17. The apparatus of claim 14, wherein, in the operation of
computing an intermediate utility function, the intermediate
utility functions for each collection of applications are
updated each time the placement of any application within the
associated collection is changed as the algorithm progresses.

18. A method for making a computer implemented process
for the management of a system of heterogeneous applica-
tions comprising the steps of:

instantiating first computer instructions onto a non-transi-

tory computer readable medium, the first computer
instructions configured to classify a plurality of applica-
tions into a plurality of application types, wherein the
plurality of applications comprises heterogeneous appli-
cations, and the heterogeneous applications comprise at
least one interactive workload-type application and at
least one non-interactive workload-type application;
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instantiating second computer instructions onto a non-

transitory computer readable medium, the second com-
puter instructions configured to classify one or more of
the plurality of applications in each of the plurality of
application types into one or more collections;

instantiating third computer instructions onto a non-tran-

sitory computer readable medium, the third computer
instructions configured to compute a utility function of
possible resource allocations for each of the one or more
collections comprising the steps of: (i) obtaining an
execution profile for each of the plurality of applications
in a given one of'the one or more collections; (ii) obtain-
ing management policies for each of the plurality of
applications; and (iii) computing the utility function for
the given one of the collections in accordance with the
execution profiles for the plurality of applications, ser-
vice level agreement goals for the plurality of applica-
tions, and a state of the system;

instantiating fourth computer instructions onto a non-tran-

sitory computer readable medium, the fourth computer
instructions configured to compute an application place-
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ment that optimizes a global utility of the plurality of
applications in accordance with the one or more utility
functions; and

instantiating fifth computer instructions onto a non-transi-

tory computer readable medium, the fifth computer
instructions configured to modify placement and
resource allocation of the plurality of applications in the
system in accordance with the application placement;

wherein an execution profile for a given interactive work-

load-type application comprises an average number of
processor cycles consumed by requests of a given flow
associated with the given interactive workload-type
application, and an execution profile for a given non-
interactive workload-type application comprises the
number of processor cycles used to complete a job asso-
ciated with the given non-interactive workload-type
application, the number of threads used by the job, and
the maximum processor speed at which the job
progresses.



